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Small-sample regression analysis based on support vector regression

QIU Tong
(Department of Chemical Engineering, Tsinghua University , Beijing 100084, China)

Abstract: Firstly,an overview of the basic ideas of support vector regression(SRV) is given.Then, there is an example of

soft-sensor modeling. Its regression analysis shows that SVR has good generalization ability for small-sample regression prob-

lems . Furthermore , the selection of parameters and kernel-based methods are discussed.
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