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Abstract: Operating processing plants is inherently risky due to potentially abnormal situations caused by equipment or
sensor failures or out of control process conditions . The fast increasing amount of process data makes process operation difficult to
handle in time and effectively, especially when more than one alarm are triggered in the operation. The rapid development of
automation and computer technologies makes it possible for process industry to retrieve a huge amount of process data, from
which complete information on process operation can be obtained. The method of minimal evidence method proposed in this
paper makes it possible to consider all possible factors related to process operation, and to identify the process operation state by
fuzzy logically recognizing the different pattern associated . The case study on adipic acid process in Victoria, Texas, USA, shows

that this method can effectively identify the process operation states, find abnormal situations with the correct response rate of

95% ,and insure the operation safety .
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