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Abstract: Artificial Neural Networks (ANN) are widely used in the field of wastewater treatment because of its strong

nonlinear mapping and parallel processing ability . The effluent stream quality is predicted at a wastewater treatment plant by

using BP ANN model in this paper.The results indicate that the BP ANN model provides the satisfactory fitting effects for the

following four variables,in terms of chemical oxygen demand (COD),pH value, suspended solids (SS) and biological oxygen

demand (BOD) . The simulative results of COD, pH,SS and BOD are very close to the detected values; the average relative
standard variation(RSD) are 6.96% ,1.31% ,12.09% and 15.18% ,respectively .
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