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Advances in hydrogenation catalyst research driven by machine learning
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Abstract: This review systematically analyzes the frontier applications of machine learning in the field of
hydrogenation catalysts in recent years,focusing on the breakthrough progress of machine learning in catalyst active site
design, reaction path optimization, and prediction of anti-deactivation performance. By analyzing the innovative
achievements at home and abroad,it comprehensively elaborates the frontier applications of machine learning technology

in rational design, performance prediction, and process optimization of hydrogenation catalysts, and provides forward-

looking prospects for future development trends.
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