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Advances in the application of machine learning in membrane processing
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Abstract;: This paper summarizes the research progress on the application of machine learning in membrane

processing. It Introduces the machine learning analysis process and common machine learning models, then summarizes

the applications of ML in membrane design and preparation, membrane fouling,and membrane cleaning stages, finally it

offers prospects for the technical system of the research on the optimization of membrane preparation and performance

based on machine learning and the future development trend of ML in the field of membrane separation technology.
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