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Application of artificial neural network and genetic algorithm in catalyst design

HAN Xiao-xia" , ZHAO Chao-fan
(College of Electrical and Power Engineering, Taiyuan University of Technology, Taiyuan 030024, China)

Abstract: In view of the fundamental principles and characteristics of artificial neural network, genetic algorithm,

non-dominated sorting genetic algorithm- Il ( NSGA-II ) attached with elite strategy, their application methods and

practical examples in designing and optimizing catalysts are reviewed, which can give references for developing novel

catalyst fast and efficiently.
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